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Abstract

The rapid advancement of technology, particularly artificial intelligence (Al), has introduced
both challenges and opportunities in human-technology interactions. The literature
differentiates between technostress, techno-distress, and techno-eustress, and the emerging
concept of "Al-eustress” represents the positive stress arising from Al-related challenges and
incentives that contribute to personal and professional growth. As Al becomes increasingly
integrated into healthcare and mental health services, understanding Al-eustress is essential.
This scoping review examines Al-eustress and its implications for the digitalization of mental
health systems and healthcare, identifying research gaps, synthesizing current knowledge, and
proposing strategies to enhance its relevance. A systematic search of academic databases,
including Scopus, Web of Science (WOS), and PubMed, yielded 250 studies, which were
analyzed following scoping review guidelines. Findings from this review may contribute to the
development of Al-powered frameworks for customized, real-time assessment and intervention
tools, particularly in mental health. Additionally, this review explores ethical considerations
and highlights priority research areas to understand the role of Al-eustress in mental health
digitalization. By addressing these challenges, this study aims to pave the way for innovative
Al-powered solutions that harness the beneficial aspects of technology-induced stress,
ultimately improving well-being in the digital era.

Keywords: Eustress, Techno-Eustress, Al-Eustress, Al-Induced Stress, Healthcare, Mental
Health, Digitalization
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Introduction

Background

Technology makes system-human relations better but also complicates behavior. Technostress
resulting from technological challenges consists of both happy eustress and negative
unpleasantness. Technologically, techno-eustress refers to positive stress reactions to
technological-based obstacles, enhancing performance and creativity. In the framework,
artificial intelligence-eustress and techno-eustress characterize Al-related and technological-
use stress consequences. Whereas techno-eustress provides stress benefits from digital tools,
artificial intelligence-eustress refers to stress reactions to Al algorithms that boost job
efficiency, creativity, and health.

Al-eustress increases relationships and support. Al-powered social dynamic filters help
moderators remove bad comments from online groups, therefore promoting good relationships
and mental wellness (Rosario et al., 2022). Artificial intelligence increases community
involvement and social aid, thereby creating stress. Faster operations and improved decision-
making with professional Al technology help reduce artificial intelligence-eustress. Several
research studies show that artificial intelligence improves staff output and organizational
performance, thereby raising confidence and motivating factors (Toll et al., 2020). Advanced
technology generates artificial intelligence-eustress in companies.

Al changes medical residents' employment. Inaccurate application of Al tools meant to increase
patient care and output could strain resources. Adoption of artificial intelligence technology
calls for weighing benefits against drawbacks (Tavory, 2024). People's stress views influence
results. One could experience discomfort or stress. Issa et al. (2024) claims that responses to
professional stress define techno-eustress or techno-distress. Good opinions of technology and
artificial intelligence help reduce stress and anxiety.

Human biological stress response systems show how appropriate challenges increase
physiological flexibility, improving health (Lu et al., 2021; Ueda et al., 2021; Xia, 2023). Al-
eustress works since technologies created by artificial intelligence force humans to grow.
Unlike techno-eustress, Al-eustress increases efficiency and helps users selectively (Xia,
2023). Knowing these pressures helps one assess technology.

Tools grounded in machine learning inspire kids to learn. While artificial intelligence feedback
systems can foster engaging, supportive, and adaptive learning environments (Dewey et al.,
2022), traditional educational technologies cannot produce similarly stress-reducing learning
contexts. Al-induced eustress improves mental well-being. Ueda et al. (2021) suggest that Al-
based coping mechanisms help increase emotional control and well-being.

Attributes of Al-eustress differ from those of techno-eustress. Different impacts of good stress
reactions are provided by artificial intelligence- and techno-eustress. When artificial
intelligence is included in society, people experience Al-eustress; conversely, using technology
causes techno-eustress. These two stress types must be separated if we are to use technology
and artificial intelligence to raise productivity and well-being.

Medical professionals, including psychologists, must see stress holistically. Historians often
examine stress as discomfort, according to Bienertova-Vasku et al. (2020), ignoring the



eustress’s growth-promoting advantages (Aschbacher et al., 2013). Mild stress, according to
Aschbacher et al. (2013), enhances physiology.

Al-induced stress and techno-eustress resulting from healthcare Al systems, Al diagnostics and
therapies, as well as patient contact systems (D’Alfonso, 2020), generate new stresses and
positive reactions. Healthcare workers experience techno-eustress—user involvement and
motivation via technology—during system adaptation (Zielonka & Rothlauf, 2021).

Psychological issues raised by artificial intelligence incorporation into systems call for
investigation into human adaptations to its dual purpose.

Significance of the Study

The research constructs Al-eustress by extending the base concepts of eustress with techno-
eustress. The positive stress response from Al-related challenges, leading to enhanced
performance and growth, defines Al-eustress as an essential inquiry field regarding health
services technology implementations.

These sectors increasingly depend on Al technology, which creates both valuable prospects and
demanding challenges for healthcare personnel and their patient users. Al-eustress research
requires identifying both the positive stress generators from Al systems alongside the risk
factors that could potentially cause distress (Rodriguez & Choudrie, 2021).

Research Objectives

This scoping review aims to:

1. Delineate the Historical Evolution of Stress Concepts: Establish a timeline for stress
evolution, explore the historical growth of eustress coupled with techno-eustress and
Al-induced stress, and provide major theoretical elements and experimental findings.

2. Introduce and Define Al-Eustress: Initiate a definition of Al-eustress by introducing a
clear standards-based definition that separates it from surplus constructs while
exploring its healthcare and psychological effects.

3. Develop a Theoretical Framework: The study should integrate established models,
including the Job Demands-Resources (JD-R) model with the Technology Acceptance
Model (TAM), to build a complete theoretical foundation for Al-eustress (Kupang et
al., 2024).

o The JD-R model structures the assessment of Al-driven work environments,
balancing demands and resources to determine their impact on stress and well-
being (Demerouti & Bakker, 2011, 2023; Li et al., 2023).

o The TAM acts as a validated framework, according to Malatji et al. (2020), to
demonstrate how users experience technology-based systems related to ease of
use and usefulness, which controls stress reactions and acceptance (Shamsi et
al., 2021).

o The simultaneous use of these models enables detailed understanding of Al-
eustress through identification of its professional and healthcare sector origins
and operational processes and outcomes.

4. Synthesize Empirical Evidence: Using Structural Equation Modeling (SEM) and path
analysis will allow us to synthesize empirical evidence toward developing an advanced
theoretical framework for eustress, techno-eustress, and Al-eustress comprehension.



o SEM allows researchers to analyze complex relationships between invisible and
detectable variables in order to reveal Al stress factors, their sources, and results
(Stoffels et al., 2023).

o Path analysis helps construct eustress frameworks by creating a system to
examine causal connections, which improves assessment precision regarding Al
impacts on stress-related consequences (Grimm, 2023).

5. Establish a Logical Classification System: Create a systematic classification approach
by utilizing antecedents and consequences of Al-eustress to establish research standards
about measurement scales and practical interventions.

6. Provide Recommendations for Future Research and Practice: Introduce plans for
developing Al systems that enhance productivity through the promotion of Al-eustress
among healthcare professionals and patients.

This scoping review aims to enhance knowledge in stress research specifically focused on the
digital-based healthcare sector through achieving its outlined objectives. The research
outcomes would support the creation of procedures to turn Al’s beneficial aspects into
productive uses and minimize its adverse consequences, leading to enhanced Al technology
usage.

Literature Review
Historical Perspective on Eustress

The definition of eustress evolved tremendously since its origination as "good stress." Selye
(1976) established eustress as a term that would distinguish healthy stress from undesirable
stress. The framework enabled scientists to progress their comprehension of stress by
acknowledging that not all sources of stress endanger personal well-being. Research from the
early phase of study examined eustress’s physiological impacts and psychological benefits,
demonstrating stress’s positive role in better performance, increased motivation, and resilience.
Aschbacher et al. (2013) presented definitive evidence showing how intermediate stress levels
reduce oxidative stress damage, which is a biological indicator of aging (Garcia-Giménez et
al., 2024). Researchers confirmed that proper amounts of stress create positive effects that help
lengthen the human lifespan. Vincze and Vincze-Tiszay (2020) provided a detailed assessment
of the history of stress and stress adaptation, along with education on the distinction between
eustress and distress.

Overview of Eustress in Stress Frameworks

Positive stress, known as eustress, operates as the pathway through which individuals build
their motivation levels, boost their resilience, and enhance their performance outcomes. Stress
consists of both distressing negative aspects alongside positive eustress elements in
technological environments, according to Tarafdar et al. (2024) and other earlier researchers.
Many current studies show that eustress functions as an essential aspect of technology-enabled
spaces since technology represents both a motivating factor and a resource for development
(Saini et al., 2024).

Eustress in Specific Contexts (Table 1):
e Adolescents and Educational Settings: Research conducted by Yazici-Kabaday1 (2024)
demonstrates that eustress serves as a mediator that connects mental toughness with
mindfulness levels in teenagers throughout educational institutions.



o Workplace and Job Performance: Fleige (2017) analyzed how combined elements of
job demands and resources with eustress generate positive results, including better
workplace job performance and increased mental well-being.

e Health and Aging: Eustress facilitates older adults with chronic diseases to participate
more actively in recreational activities, which leads to improved quality of life,
according to An et al. (2022).

Table 1: Key Ideas From the Reviewed Literature
Study Context Key Findings

Positive correlation between eustress

Saini et al., 2024 Adol ts in Indi
(Saini et al., ) olescents n India and mental health; cultural nuances.
Job linked t t d
(Fleige, 2017) Workplace settings O. FESOUTEES 1n.e 0 eus res‘s n
improved emotional well-being.
Adolescents and Eustress positively mediates mental
Y -Kabaday1, 2024
(Yazie-Rabadays, ) mindfulness toughness and mindfulness.

Leisure satisfaction facilitates eustress

(An et al,, 2022) Aging populations among older adults.

Al enhances tailored interventions for

(D’Alfonso, 2020) Al in mental health mental health.

Techno-Eustress: Technology’s Impact on Stress

Investigations by Zielonka and Rothlauf (2021) reveal that techno-eustress appeared during the
late 20th and early 21st centuries as positive stress that arises when people interact with
technology and view this technology as platforms for development while boosting engagement,
motivation, and performance levels.

SEM analysis in the study by Zielonka and Rothlauf (2021) revealed that people who find
technology easy to use and beneficial to their daily lives usually develop techno-eustress.
Positive views about technology enable potential workplace stressors to shift into eustressors,
which enhances work-related performance. Research into techno-eustress focused on educators
confirms that structural and coping mechanisms from organizations assist teachers in
transforming technology stress into constructive work experiences (Solis et al., 2023).

Al-Induced Stress: A New Frontier

Due to its high-speed development, Al technologies have brought about an interaction between
people and devices that generates distinct stressors affecting psychological wellness and
emotional state. Users experience Al-induced stress when engaging with Al systems because
they react negatively due to system complexity, job conflicts, moral concerns, and diminished
control over automated procedures. Digital tools, as established by the Job Demands-Resources
(JD-R) paradigm, serve as instruments that create both work-related needs and favorable
aspects (Scholze & Hecker, 2023).



Two primary workload categories are presented by artificial intelligence systems:
1. Data automation and processing capacity
2. Algorithm learning requirements and Al output interpretation needs

Organizations must handle their Al systems in ways that generate enough resources to balance
workload requirements by establishing training sessions, encouraging supportive
environments, and making Al system decisions open and clear (Scholze & Hecker, 2023).

Introducing AI-Eustress: A Novel Construct

Al-eustress emerges as a positive stress response that enhances cognitive flexibility,
performance, and motivation. Users thrive under Al challenges when they perceive them as
opportunities for skill-building.

Key Factors Influencing Al-Eustress:

1. Perceived Usefulness and Ease of Use — Users develop Al-eustress when they find Al
useful and easy to integrate (Gado et al., 2022; Kashive et al., 2020; Kim et al., 2021).

2. Self-Efficacy and Coping Strategies — High self-confidence in Al interaction enhances
eustress (Chen et al., 2024; Lorente et al., 2014; Venkatesh, 2000; Wang & Yen, 2015).

3. Organizational Support and Culture — Al-eustress flourishes in learning-oriented,
supportive environments (Galanti et al., 2024; Na et al., 2023).

4. Ethical Considerations — Transparency, fairness, and privacy protections promote
positive Al interactions, while bias and accountability issues contribute to distress (Issa
et al., 2024; Saeidnia et al., 2024).

5. Al-Eustress and Digital Mental Health — Al-based interventions in mental healthcare
facilitate resilience and cognitive growth (D’Alfonso, 2020; Kibibi, 2024; Tavory,
2024).

Theoretical Framework

Understanding Al-eustress requires a comprehensive theoretical foundation (Kupang et al.,
2024). Existing models help explain how individuals perceive Al stress and adapt to it.
e Job Demands-Resources (JD-R) Model — Explains how job demands and resources
shape employee well-being (Lesener et al., 2019).
e Technology Acceptance Model (TAM) — Establishes perceived usefulness and ease of
use as key factors influencing Al adoption (Venkatesh & Davis, 2000).
e Social Cognitive Theory — Explores how individual behaviors and attitudes toward Al
influence stress outcomes (Tsai, 2014).
e Person-Environment (P-E) Fit Theory — Describes how Al systems must align with
users’ cognitive abilities to maximize positive stress effects (Caplan & Van Harrison,
1993).

Methodologies for Theoretical Framework Consideration: SEM and Path Analysis

Structural Equation Modeling (SEM) and path analysis provide robust methodologies for
examining Al-eustress. These techniques assess causal relationships between stressors and
coping mechanisms.
e SEM enables researchers to model interactions between Al, stress, and well-being
(Hartwell et al., 2019).



o Path Analysis refines eustress frameworks by tracing direct and indirect stress-response
pathways (Khairi et al., 2021).

e Advanced SEM Tools (Lavaan, AMOS) facilitate large-scale Al stress research
(Rosseel, 2012; South & Jarnecke, 2017).

These methodologies ensure rigorous classification of Al-eustress, contributing to future
research and practical Al deployment strategies.

Methodology
Scoping Review Approach

A scoping review methodology served as the framework to map all available literature about
eustress alongside techno-eustress, together with developing Al-eustress as its new subclass.
The methodology follows Arksey and O’Malley’s (2005) principles while applying PRISMA -
ScR guidelines to suit the investigation of Al-eustress, which is an evolving segmental
construct (Daudt et al., 2013; Tricco et al., 2018).

Systematic improvements through both stakeholder involvement and multiple data collection
methods created a solid framework to merge results and recognize missing information. This
methodology delivers complete insights concerning Al-eustress, creating a framework for
future healthcare and digital health research (Peters et al., 2020; Westphaln et al., 2021).

Search Strategy

The research used three respected academic databases, namely Scopus, Web of Science (WOS),
and PubMed, for an organized search strategy. The selection of these databases gave
researchers access to the most comprehensive literature available in healthcare, psychology,
and information technology research.

Three key concepts were linked through a combination of specific research keywords within
the search procedure:
v Eustress and Stress Types: "eustress,” "distress,
stress"
v Technology-Related Stress: "technostress,"” "techno-eustress,” "digital stress"
v Al-Related Stress: "Al-induced stress," "Al-eustress,” "artificial intelligence and

" onm

stress,

”nn

chronic stress,

”n-n

acute

stress"

v Healthcare and Mental Health: "healthcare," "mental health,” "digital health,” "health
informatics"

v Outcomes: "well-being," "job satisfaction,”" 'performance,” "productivity,"
"innovation”

v Methodological Terms: "structural equation modeling," "SEM," "path analysis,"
"predictive models"

Articles published in English formed the basis of this study because researchers applied
restrictions according to date limitations to track the concepts' historical development.



Inclusion and Exclusion Criteria

The following inclusion and exclusion criteria were applied to select relevant studies:

Inclusion Criteria:

1. Focus on Eustress, Techno-Eustress, or AI-Stress: Studies that explicitly addressed
eustress, techno-eustress, Al-induced stress, or Al-eustress were included.

2. Empirical Studies: Empirical studies that collected and analyzed quantitative or
qualitative data were included.

3. Theoretical Papers: Theoretical papers that contributed to the conceptual
understanding of eustress, techno-eustress, or Al-eustress were included.

4. Healthcare or Mental Health Context: Studies that focused on healthcare or mental
health settings, or had implications for these settings, were included.

Exclusion Criteria:

1. Non-Peer-Reviewed Literature: Gray literature, such as conference abstracts,
dissertations, and reports, were excluded.

2. Studies Unrelated to Stress: Studies that did not address stress or its related
constructs were excluded.

3. Studies Not Focused on Technology or AI: Studies that did not focus on technology
or Al were excluded, unless they provided relevant theoretical insights into eustress
or stress in general.

4. Articles Not in English: Studies published in languages other than English were
excluded.

Data Extraction and Analysis

Actotal of 250 articles were initially retrieved after applying the inclusion and exclusion criteria
from the database search. 45 articles were selected for full-text review and data extraction.

A standardized data extraction form was developed to capture key information from each study,

including:

1. Study Characteristics: Author(s), year of publication, study design, sample
characteristics, setting.

2. Theoretical Framework: Theoretical models or concepts used in the study.

3. Key Constructs: Definitions and operationalizations of eustress, techno-eustress, Al-
induced stress, and Al-eustress.

4. Antecedents: Factors identified as antecedents of eustress, techno-eustress, or Al-
eustress.

5. Consequences: Outcomes associated with eustress, techno-eustress, or Al-eustress.

6. Methodological Approach: Research methods used, including data collection and
analysis techniques.

7. Key Findings: Main findings related to the relationships between antecedents,

constructs, and consequences.

Researchers combined quantitative with qualitative methods when they analyzed the extracted
data. The study characteristics summaries served as a part of quantitative analysis, with
frequency and percentage tables used to track antecedents and consequences versus
psychosocial constructs and confirmed variables.



A thematic synthesis identified and described frequent themes emerging from various studies.
The researchers merged the outcomes from quantitative and qualitative assessments to build a
thorough view of modern eustress research, while considering techno-eustress and Al-eustress.

Categorization Framework from SEM and Path Analysis Models

The database analysis depended on collecting information from studies that adopted both
Structural Equation Modeling (SEM) and path analysis methods.

The research investigations revealed relevant associations among fundamental factors that

affect eustress and its digital-related manifestations, as well as their intervening/moderating
factors.

Research studies provided data that led to developing a categorization system for organizing
antecedents and consequences, through identification of common connections and theoretical
foundations between elements.

Findings

Antecedents and Consequences of AI-Eustress and Techno-Eustress

Scientists derived the classification framework shown in Table 2 by performing systematic
analysis on variables and relationships present in path analysis and SEM models within the 45

final studies listed. The model defines six different classifications for antecedents.

Table 2: Categorization Framework From SEM and Path Analysis Models

Category Antecedents Consequences Supporting Studies

Resilience, IT
mindfulness, self-

i Enhanced skills, (De Cordova et al., 2024;
efficacy, coping

Individual Aexibilitv. versonalit increased job Gonzélez-Hernandez & Ato-
Capacities raits zéi riosit Y satisfaction, Gil, 2019; Scherz et al., 2023;
. . ¥ performance Zhao et al., 2023, 2024)
sensation seeking, and
persistence), and age
L. Intrinsic motivation, Innovation,
Motivational . .
. career advancement adaptive (Anjum et al., 2023)
Drivers .
goals behaviors
Positive appraisal Improved
Perceptual ada tabilitpptechn(; satisfaction, (Fu et al., 2023; Pluut et al.,
Factors P 4 cognitive 2022; Tarafdar et al., 2024)

enrichment
engagement



Category Antecedents Consequences Supporting Studies

] Social support, Team (Gabbiadini et al., 2023; Issa et
Socio-Cultural . ) . . .
Enablers inclusive organizational  collaboration, al., 2024; Khedhaouria et al.,
culture reduced stress 2024; Saini et al., 2024)
Usability, reliability,
t daptabili Productivi
Technological Syst:::l;lr?of: ?Calllty’ teicl)mlz‘owilz’l (Asfahani, 2022; Awada et al.,
Features ) g ) & 2023; Tarafdar et al., 2019)
proficiency, proficiency
accountability
(Daneshmandi et al., 2023;
Technical support Menon et al., 2022;
.. ) ) pPport, Job performance, Nascimento et al., 2024; Naz et
Organizational innovation, .
Context encouragement employee al., 2020; Nelson & Simmons,
svner icgliterac ’ retention 2005; Pham et al., 2024;
yners Y Tarafdar et al., 2010; Wulansari
et al., 2015)

Theoretical Framework for AI-Eustress

Research findings about techno-eustress led to the creation of a theoretical framework that
combines the JD-R model, TAM, social cognitive theory, and person-environment fit. Al-
eustress emerges from multiple interacting factors, which include individual capabilities,
motivational elements, perceptual components, socio-cultural facilitators, technological
aspects, and workplace factors.

Antecedents

The antecedents of Al-eustress (Figure 1) are similar to those of techno-eustress, but with a
specific focus on Al-specific features. These include:
v Individual Capacities: Resilience, IT mindfulness, self-efficacy specifically related to
Al use, coping flexibility, personality traits (Curiosity, sensation seeking, and
persistence), and age.
v Motivational Drivers: Intrinsic motivation to use Al, career advancement goals related
to Al proficiency.
v Perceptual Factors: Positive appraisal of Al-related challenges, adaptability to Al
systems, perceived Al-enrichment.
v Socio-Cultural Enablers: Social support for Al use, inclusive organizational culture
that values Al adoption.
v Technological Features: Usability, reliability, adaptability, transparency, and
accountability of Al systems.
v Organizational Context: Technical support for Al tools, an organizational culture that
promotes Al innovation, management encouragement for AI adoption, and
organizational Al literacy.



Figure 1: Antecedents of Al-Eustress
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Mechanisms

The conceptual model demonstrates that Al systems create mental and emotional obstacles
which people can transform into growth potential to build Al-eustress. The difficulties stem
from mastering new Al systems and adapting workflow processes as well as comprehension of
Al results and dealing ethically with Al systems' implications. (Figure 2) outlines the
mechanism that explains how the challenges create Al-eustress.

Figure 2: Mechanisms of Al-Induced Eustress

Mechanisms of Al-Induced Eustress
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v Cognitive Engagement: The challenges from Al systems create cognitive difficulties,
forcing people to engage in active mental processing, problem-solving, and constructing new
ways of thinking. Al tools maximize user cognitive control, enabling users to find Al useful
and applicable in their work (Henkel et al., 2020).



v Emotional Regulation: The experience of eustress requires people to control their emotions
and develop curiosity and satisfaction to manage anxiety and frustration successfully. Research
studies show how cognitive reappraisal methods and adaptive coping mechanisms work
together to generate positive responses in demanding Al environments (Salih, 2023).

v Sense of Accomplishment: People who reach their Al-related objectives create eustress
through feelings of accomplishment. Scientific evidence demonstrates that effective interaction
with Al systems leads to increased self-confidence and contentment, strengthening positive
emotional reactions (Kolomaznik et al., 2024).

Figure 3: The Positive Impact of Al Eustress in Healthcare

The Positive Impact of Al Eustress in Healthcare
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Consequences (Figure 3)

v Enhanced Professional and Patient Qutcomes:
o Al-eustress improves diagnostic precision, personalized treatment, and better decision-
making.
o Al assists radiologists in identifying early disease detection (e.g., cancer diagnoses).
e Al-powered clinical decision support systems improve care quality and consistency
(Alandjani, 2023; Patil & Shankar, 2023).
o Al-eustress reduces burnout, improving healthcare workforce retention (Shinners et al.,
2020).
v Increased Creativity and Innovation:
o Professionals experiencing Al-eustress develop new Al applications.
e Al-based mental healthcare solutions were developed due to Al-eustress (Okhiai &
Loo, 2022).
e Cognitive advancements in healthcare were fostered (Anjum & Zhao, 2022).
v Improved Mental Well-Being:
o Al-eustress increases self-worth, fulfillment, enthusiasm, and contentment.
e Positive emotions from Al help healthcare professionals maintain resilience in digital
healthcare environments (Adegboye, 2024; Tortorella et al., 2021).
v Enhanced Decision-Making:
e Al-eustress improves professionals' ability to combine Al-generated insights with
clinical expertise.
e Al diagnostic tools assist medical staff in refining clinical reasoning (Dawoodbhoy et
al., 2021).



Discussion

The review establishes a full framework that explains Al-eustress during healthcare and mental
health processes. The combination of programmatic recommendations enables organizations
to use transformative Al potential safely for professional wellness and increased patient care in
digital healthcare. The support given by organizations serves as a key factor that helps reduce

stress levels and improve workplace well-being among healthcare professionals (Ramaci et al.,
2024).

The literature review compiles multiple quantitative and qualitative studies that connect
eustress examination to techno-eustress dynamics and current research about Al-eustress in
medical and mental healthcare digitalization development. Research shows that positive stress
responses from Al technology result from three interacting factors, which include:

v Individual capabilities

v Organizational policies

v Al system development elements

The study uses the Job Demands-Resources (JD-R) model and the Technology Acceptance
Model (TAM) to create a basic framework that explains methods to enhance healthcare worker
creativity, productivity, and well-being through optimal Al-eustress implementation (Khan &
Shamsi, 2021).

Integration With Theoretical Frameworks

The proposed Al-eustress framework presents Al systems as dual entities under the JD-R
model, according to Demerouti and Bakker (2023). Accurate perceptions of AI management
together with Al usefulness enable these systems to operate as resources that improve user
engagement while boosting performance and motivation (Kaiser et al., 2020). Al systems that
present design flaws or complexity evolve into overwhelming demands, which create distress
for users.

v Perceived ease of use and utility affect user acceptance and stress-level enhancement through
the TAM model, requiring Al developers to design intuitive interfaces (Baroni et al., 2022).

Practical Implications

The research outcomes establish several vital requirements for healthcare organizations to
meet.
v User-Centered AI Design
o The design of Al systems should emphasize usability, transparency, and adaptability,
as these aspects lower cognitive overload and boost user engagement.
e Users benefit from XAI features that explain Al outputs, improving understanding
and trust in Al systems (Adeniran et al., 2024; Melikoglu, 2024).
v Comprehensive Training Programs
e Organizations need complete training programs to develop employee skills in Al
understanding, coping methods, and self-assurance abilities.
e The skills required to work with modern Al technologies require continuous
development through professional support from healthcare professionals (Panigutti
et al., 2023).



v Supportive Organizational Culture

e Leadership teams need to establish supportive workplace cultures that enable
healthcare staff to investigate Al tool applications.

e Maximizing Al-eustress depends on the combination of open dialogue, collaborative
teamwork, and appropriate budget allocation (Ramaci et al., 2024).

v Ethical Considerations

e The adoption of proactive solutions will tackle AI ethical concerns while
constructing trust frameworks to combat Al-related stress.

e The establishment of transparent accountabilities and bias-detection techniques
creates trust between stakeholders (Edith Ebele Agu et al., 2024; Sargiotis, 2024).

o Robust data protection, explainable Al systems, and clear accountability frameworks
enable healthcare organizations to prevent disparities and ensure responsible Al
deployment (Islam, 2024; Jeyaraman et al., 2023).

e The combined implementation of these strategies allows for both ethical governance
and minimized risk in Al systems.

Limitations

Several limitations must be acknowledged:
v Language and Publication Bias
e The review was limited to English-language, peer-reviewed articles, potentially
excluding relevant research in other languages or gray literature.
v Lack of Empirical Validation
o While this study proposes a theoretical framework, it lacks empirical testing to
validate the identified relationships between antecedents, mechanisms, and
consequences of Al-eustress.
v Healthcare-Centric Focus
e The focus on healthcare and mental health limits the generalizability of findings to
other sectors where Al-eustress may operate differently.

Future Research Directions

To advance the understanding of Al-eustress, future research should:

1. Empirically validate the framework through quantitative studies such as Structural
Equation Modeling (SEM).

2. Develop standardized measures to differentiate Al-eustress from techno-distress.

3. Explore cross-cultural perspectives to understand how cultural factors influence Al-
eustress.

4. Conduct longitudinal studies to examine the long-term effects of Al on healthcare
professionals' well-being.

5. Design interventions that enhance Al-eustress and reduce Al-induced distress.

Conclusion

The scoping review findings will help to understand the new concept of Al-eustress and the
importance of healthcare and mental health digitalization. Al applications can elicit either
eustress or distress, depending on the ability of people to cope with the technology, the
characteristics of the Al itself, and their workplace settings. Identifying and cultivating Al-



eustress could be a roadmap to improving healthcare professionals’ productivity, creativity,
and mental health.

The theoretical framework combines established models (like the JD-R model and TAM) to
show how challenges from Al can be managed to turn them into opportunities for growth and
performance improvement. The key result shows the need to build user-centered transparent,
and adaptable Al. Also, building comprehensive training programs along with a supportive
organizational culture. We must also address issues like bias, privacy and accountability--for
the sake of the user.

By dealing with these factors’ healthcare organizations will be able to unlock the potential of
Al Practical recommendations include.
o Adopting User-Centered AI Design: Prioritize usability and transparency to
reduce cognitive strain.
o Enhancing AI Literacy: Implement training that boosts self-efficacy and
coping mechanisms.
o Fostering Supportive Work Environments: Encourage open communication
and collaboration.
o Embedding Ethical Safeguards: Ensure fairness, accountability, and data privacy
in Al systems.

Going forward, research should empirically test the framework proposed for Al-eustress,
develop reliable measurement tools to measure Al-eustress and assess the long-term impact of
Al integration on various type of healthcare setting. An in-depth grasp of Al-eustress
optimization necessitates longitudinal and cross-cultural studies and intervention-based
research for improved healthcare delivery and professional well-being.

Embracing the salutary uses of Al in the medical arena is an equally important opportunity. By
putting Al systems that promote eustress into operation in the health system, we can not just
make the operations more efficient but also help develop a healthy and strong workforce for
better patient care.



References

Adegboye, M. (2024). Impact of artificial intelligence on health information literacy:
Guidance for healthcare professionals. Library Hi Tech News, 41(7), 1-5.
https://doi.org/10.1108/LHTN-03-2024-0048

Adeniran, A. A., Onebunne, A. P., & William, P. (2024). Explainable AI (XAI) in healthcare:
Enhancing trust and transparency in critical decision-making. World Journal of
Advanced Research and Reviews, 23(3), 2447-2658.
https://doi.org/10.30574/wjarr.2024.23.3.2936

Alandjani, G. (2023). Integrating Al with Green Internet of Things in Healthcare for
Achieving UN’s SDGs. Tuijin Jishu/Journal of Propulsion Technology, 44(3), 513—
521. https://doi.org/10.52783/tjjpt.v44.13.330

An, J., Payne, L., & Liechty, T. (2022). DEVELOPMENT AND VALIDATION OF THE
LEISURE EUSTRESS-DISTRESS SCALE. Innovation in Aging, 6(Supplement 1),
488-488. https://doi.org/10.1093/geroni/igac059.1880

Anjum, A., & Zhao, Y. (2022). The Impact of Stress on Innovative Work Behavior among
Medical Healthcare Professionals. Behavioral Sciences, 12(9), 340.
https://doi.org/10.3390/bs12090340

Anjum, A., Zhao, Y., & Faraz, N. (2023). An Empirical Study Analyzing the Moderating
Effect of Supervisor Support and Mediating Effect of Presenteeism among Eustress,

Distress, and Innovative Behavior. Behavioral Sciences, 13(3), 219.
https://doi.org/10.3390/bs13030219

Arksey, H., & O’Malley, L. (2005). Scoping studies: Towards a methodological framework.
International Journal of Social Research Methodology, 8(1), 19-32.
https://doi.org/10.1080/1364557032000119616

Aschbacher, K., O’Donovan, A., Wolkowitz, O. M., Dhabhar, F. S., Su, Y., & Epel, E. (2013).
Good stress, bad stress and oxidative stress: Insights from anticipatory cortisol

reactivity. Psychoneuroendocrinology, 38(9), 1698—1708.
https://doi.org/10.1016/j.psyneuen.2013.02.004

Asfahani, A. M. (2022). The Impact of Artificial Intelligence on Industrial-Organizational
Psychology: A Systematic Review. The Journal of Behavioral Science, 17(3), 125—
139.

Awada, M., Becerik-Gerber, B., Lucas, G., & Roll, S. C. (2023). Predicting Office Workers’
Productivity: A Machine Learning Approach Integrating Physiological, Behavioral,
and Psychological Indicators. Sensors, 23(21), 8694.
https://doi.org/10.3390/s23218694

Baroni, 1., Re Calegari, G., Scandolari, D., & Celino, I. (2022). AI-TAM: A model to
investigate user acceptance and collaborative intention inhuman-in-the-loop Al
applications. Human Computation, 9(1), 1-21. https://doi.org/10.15346/hc.v9i1.134



Bienertova-Vasku, J., Lenart, P., & Scheringer, M. (2020). Eustress and Distress: Neither
Good Nor Bad, but Rather the Same? BioEssays, 42(7), 1900238.
https://doi.org/10.1002/bies.201900238

Caplan, R. D., & Van Harrison, R. (1993). Person-Environment Fit Theory: Some History,
Recent Developments, and Future Directions. Journal of Social Issues, 49(4), 253—
275. https://doi.org/10.1111/.1540-4560.1993.tb01192.x

Chen, C., Hu, W., & Wei, X. (2024). From anxiety to action: Exploring the impact of artificial
intelligence anxiety and artificial intelligence self-efficacy on motivated learning of
undergraduate students. Interactive Learning Environments, 1-16.
https://doi.org/10.1080/10494820.2024.2440877

D’Alfonso, S. (2020). Al in mental health. Current Opinion in Psychology, 36, 112—117.
https://doi.org/10.1016/j.copsyc.2020.04.005

Daneshmandi, F., Hessari, H., Nategh, T., & Bai, A. (2023). Examining the Influence of Job
Satisfaction on Individual Innovation and Its Components: Considering the

Moderating Role of Technostress (Version 1). arXiv.
https://doi.org/10.48550/ARXIV.2310.13861

Daudt, H. M., Van Mossel, C., & Scott, S. J. (2013). Enhancing the scoping study
methodology: A large, inter-professional team’s experience with Arksey and
O’Malley’s framework. BMC Medical Research Methodology, 13(1), 48.
https://doi.org/10.1186/1471-2288-13-48

Dawoodbhoy, F. M., Delaney, J., Cecula, P., Yu, J., Peacock, 1., Tan, J., & Cox, B. (2021). Al
in patient flow: Applications of artificial intelligence to improve patient flow in NHS
acute mental health inpatient units. Heliyon, 7(5), €06993.
https://doi.org/10.1016/j.heliyon.2021.e06993

De Cordova, P. B, Reilly, L. L., Pogorzelska-Maziarz, M., Gerolamo, A. M., Grafova, .,
Vasquez, A., & Johansen, M. L. (2024). A theoretical framework for Acute Care Nurse
Stress Appraisal: Application of the transactional model of stress and coping. Journal
of Advanced Nursing, 80(9), 3835-3845. https://doi.org/10.1111/jan.16061

Demerouti, E., & Bakker, A. B. (2011). The Job Demands—Resources model: Challenges for
future research. S4 Journal of Industrial Psychology, 37(2), 9 pages.
https://doi.org/10.4102/sajip.v37i2.974

Demerouti, E., & Bakker, A. B. (2023). Job demands-resources theory in times of crises: New
propositions. Organizational Psychology Review, 13(3), 209-236.
https://doi.org/10.1177/20413866221135022

Dewey, J., Encandela, J., & Moeller, J. (2022). Thriving in Neurology Residency. Neurology,
98(13), e1397-1405. https://doi.org/10.1212/WNL.000000000020003 1



Edith Ebele Agu, Angela Omozele Abhulimen, Anwuli Nkemchor Obiki-Osafiele, Olajide
Soji Osundare, Ibrahim Adedeji Adeniran, & Christianah Pelumi Efunniyi. (2024).
Discussing ethical considerations and solutions for ensuring fairness in Al-driven

financial services. International Journal of Frontline Research in Multidisciplinary
Studies, 3(2), 001-009. https://doi.org/10.56355/ijfrms.2024.3.2.0024

Fleige, M. (2017). Perceived Job Aspects and Outcomes Related to Eustress in the Working
Population [Master Thesis, University of Twente].
https://purl.utwente.nl/essays/73209

Fu, S., Yu, J. J., Gu, H., & Song, X. (2023). Unpacking dual effects of ambivalence toward
technologies in online live streaming learning. Information Technology & People.
https://doi.org/10.1108/ITP-03-2023-0246

Gabbiadini, A., Paganin, G., & Simbula, S. (2023). Teaching after the pandemic: The role of
technostress and organizational support on intentions to adopt remote teaching
technologies. Acta Psychologica, 236, 103936.
https://doi.org/10.1016/j.actpsy.2023.103936

Gado, S., Kempen, R., Lingelbach, K., & Bipp, T. (2022). Artificial intelligence in
psychology: How can we enable psychology students to accept and use artificial

intelligence? Psychology Learning & Teaching, 21(1), 37-56.
https://doi.org/10.1177/14757257211037149

Galanti, T., Fantinelli, S., Giffi, V., & Cortini, M. (2024). Colleagues’ Support and Techno-
Complexity: The Importance of a Positive Aging Climate. Informing Science: The
International Journal of an Emerging Transdiscipline, 27, 011.
https://doi.org/10.28945/5383

Garcia-Giménez, J. L., Canovas-Cervera, 1., & Pallardo, F. V. (2024). Oxidative stress and
metabolism meet epigenetic modulation in physical exercise. Free Radical Biology
and Medicine, 213, 123—137. https://doi.org/10.1016/j.freeradbiomed.2024.01.008

Gonzéalez-Hernandez, J., & Ato-Gil, N. (2019). Relacion de los rasgos de personalidad y la
actividad fisica con la depresion en adolescentes. Revista de Psicologia Clinica Con
Nirios y Adolescentes, 6(1), 29-35. https://doi.org/10.21134/rpcna.2019.06.1.4

Grimm, K. (2023). Structural Equation Modeling 2: Path Analysis & CFA. Instats Inc.
https://doi.org/10.61700/MCWKS6H8YPZIB469

Hartwell, M. L., Khojasteh, J., Wetherill, M. S., Croff, J. M., & Wheeler, D. (2019). Using
Structural Equation Modeling to Examine the Influence of Social, Behavioral, and
Nutritional Variables on Health Outcomes Based on NHANES Data: Addressing
Complex Design, Nonnormally Distributed Variables, and Missing Information.
Current Developments in Nutrition, 3(5), nzz010. https://doi.org/10.1093/cdn/nzz010

Henkel, A. P., Bromuri, S., Iren, D., & Urovi, V. (2020). Half human, half machine —
augmenting service employees with Al for interpersonal emotion regulation. Journal
of Service Management, 31(2), 247-265. https://doi.org/10.1108/JOSM-05-2019-0160



Islam, Md. M. (2024). Ethical Considerations in Al: Navigating the Complexities of Bias and
Accountability. Journal of Artificial Intelligence General Science (JAIGS) ISSN:3006-
4023, 3(1), 2-30. https://doi.org/10.60087/jaigs.v3il.62

Issa, H., Jaber, J., & Lakkis, H. (2024). Navigating Al unpredictability: Exploring
technostress in Al-powered healthcare systems. Technological Forecasting and Social
Change, 202, 123311. https://doi.org/10.1016/j.techfore.2024.123311

Jeyaraman, M., Balaji, S., Jeyaraman, N., & Yadav, S. (2023). Unraveling the Ethical
Enigma: Artificial Intelligence in Healthcare. Cureus.
https://doi.org/10.7759/cureus.43262

Kaiser, S., Patras, J., Adolfsen, F., Richardsen, A. M., & Martinussen, M. (2020). Using the
Job Demands—Resources Model to Evaluate Work-Related Outcomes Among
Norwegian Health Care Workers. Sage Open, 10(3), 2158244020947436.
https://doi.org/10.1177/2158244020947436

Kashive, N., Powale, L., & Kashive, K. (2020). Understanding user perception toward
artificial intelligence (Al) enabled e-learning. The International Journal of
Information and Learning Technology, 38(1), 1-19. https://doi.org/10.1108/1JILT-05-
2020-0090

Khairi, M. 1., Susanti, D., & Sukono, S. (2021). Study on Structural Equation Modeling for
Analyzing Data. International Journal of Ethno-Sciences and Education Research,
1(3), 52—60. https://doi.org/10.46336/ijeer.v1i3.295

Khan, A. R., & Shamsi, A. F. (2021). Determinants of Innovative Work Behavior — A Model
of Innovative Work Behavior for IT Sector Professionals Through The Application of

Jd-R Theory. International Research Journal of Management and Social Sciences,
2(2), 119-141. https://doi.org/10.53575/irjmss.v2.2(21)12.119-141

Khedhaouria, A., Montani, F., Jamal, A., & Hussain Shah, M. (2024). Consequences of
technostress for users in remote (home) work contexts during a time of crisis: The
buffering role of emotional social support. Technological Forecasting and Social
Change, 199, 123065. https://doi.org/10.1016/j.techfore.2023.123065

Kibibi, M. L. (2024). The Role of Al in Improving Mental Health Care. RESEARCH
INVENTION JOURNAL OF PUBLIC HEALTH AND PHARMACY, 3(2), 10-13.
https://doi.org/10.59298/R1JPP/2024/321013

Kim, J., Merrill Jr., K., & Collins, C. (2021). Al as a friend or assistant: The mediating role of
perceived usefulness in social Al vs. functional Al. Telematics and Informatics, 64,
101694. https://doi.org/10.1016/j.tele.2021.101694

Kolomaznik, M., Petrik, V., Slama, M., & Jurik, V. (2024). The role of socio-emotional
attributes in enhancing human-Al collaboration. Frontiers in Psychology, 15,
1369957. https://doi.org/10.3389/fpsyg.2024.1369957



Kupang, G. B., Ballangan, M. G., Carantes, F. T., & Yanes Jr., P. S. (2024). Unpacking
Technostress: A Systematic Review on its Effects and Mitigation. Cognizance Journal
of Multidisciplinary Studies, 4(4), 11-21.
https://doi.org/10.47760/cognizance.2024.v04104.002

Lesener, T., Gusy, B., & Wolter, C. (2019). The job demands-resources model: A meta-
analytic review of longitudinal studies. Work & Stress, 33(1), 76—103.
https://doi.org/10.1080/02678373.2018.1529065

Li, Y., Tuckey, M. R., Bakker, A., Chen, P. Y., & Dollard, M. F. (2023). Linking objective and
subjective job demands and resources in the JD-R model: A multilevel design. Work
& Stress, 37(1), 27-54. https://doi.org/10.1080/02678373.2022.2028319

Lorente, L., Salanova, M., Martinez, I. M., & Vera, M. (2014). How personal resources
predict work engagement and self-rated performance among construction workers: A
social cognitive perspective: RESOURCES, ENGAGEMENT AND
PERFORMANCE. International Journal of Psychology, n/a-n/a.
https://doi.org/10.1002/ijop.12049

Lu, S., Wei, F., & Li, G. (2021). The evolution of the concept of stress and the framework of
the stress system. Cell Stress, 5(6), 76—85. https://doi.org/10.15698/cst2021.06.250

Malatji, W. R., Eck, R. V., & Zuva, T. (2020). Understanding the usage, Modifications,
Limitations and Criticisms of Technology Acceptance Model (TAM). Advances in

Science, Technology and Engineering Systems Journal, 5(6), 113—117.
https://doi.org/10.25046/2j050612

Melikoglu, Y. (2024). A Review on Artificial Intelligence Supported User-Centered Design
and Psychological Interaction. https://doi.org/10.5281/ZENODO.11351508

Menon, D., Nee, A. Y. H., & Jawaid, S. A. (2022). Technostress of an Employee Affects the
Employee Retention Rate. Proceedings of the International Conference on Industrial
Engineering and Operations Management, 718-726.
https://doi.org/10.46254/NA07.20220194

Na, S., Heo, S., Choi, W., Kim, C., & Whang, S. W. (2023). Artificial Intelligence (Al)-Based
Technology Adoption in the Construction Industry: A Cross National Perspective
Using the Technology Acceptance Model. Buildings, 13(10), 2518.
https://doi.org/10.3390/buildings 13102518

Nascimento, L., Correia, M. F., & Califf, C. B. (2024). Towards a bright side of technostress
in higher education teachers: Identifying several antecedents and outcomes of techno-
eustress. Technology in Society, 76, 102428.
https://doi.org/10.1016/j.techsoc.2023.102428

Naz, S., Li, C., Nisar, Q. A., Khan, M. A. S., Ahmad, N., & Anwar, F. (2020). A Study in the
Relationship Between Supportive Work Environment and Employee Retention: Role

of Organizational Commitment and Person—Organization Fit as Mediators. Sage
Open, 10(2), 2158244020924694. https://doi.org/10.1177/2158244020924694



Nelson, D. L., & Simmons, B. L. (2005). Eustress and attitudes at work: A positive approach.
In Research companion to organizational health psychology (pp. 102—110). Edward
Elgar. https://doi.org/10.4337/9781845423308

Okhiai, L., & Loo, J. L. (2022). Enhancing Innovation and Creativity Amongst Trainees in
Psychiatry: Linking the Clinical Practice, Academic, and Social Experiences. BJPsych
Open, 8(S1), S31-S31. https://doi.org/10.1192/bj0.2022.144

Panigutti, C., Beretta, A., Fadda, D., Giannotti, F., Pedreschi, D., Perotti, A., & Rinzivillo, S.
(2023). Co-design of Human-centered, Explainable Al for Clinical Decision Support.
ACM Transactions on Interactive Intelligent Systems, 13(4), 1-35.
https://doi.org/10.1145/3587271

Patil, S., & Shankar, H. (2023). Transforming Healthcare: Harnessing the Power of Al in the
Modern Era. International Journal of Multidisciplinary Sciences and Arts, 2(2), 60—
70. https://doi.org/10.47709/ijmdsa.v2i1.2513

Peters, M. D. J., Marnie, C., Tricco, A. C., Pollock, D., Munn, Z., Alexander, L., Mclnerney,
P., Godfrey, C. M., & Khalil, H. (2020). Updated methodological guidance for the
conduct of scoping reviews. JBI Evidence Synthesis, 18(10), 2119-2126.
https://doi.org/10.11124/JBIES-20-00167

Pham, N. T., Thuy, V. T. N., Tuan, T. H., & Nguyen, Q. H. (2024). Improving the workforce’s
competitive advantage in the remote work context: A moderated-mediation analysis of
perceived organizational support, employee retention, and transformational
leadership. Journal of Competitiveness. https://doi.org/10.7441/joc.2024.03.07

Pluut, H., Curseu, P. L., & Fodor, O. C. (2022). Development and Validation of a Short
Measure of Emotional, Physical, and Behavioral Markers of Eustress and Distress
(MEDS). Healthcare, 10(2), 339. https://doi.org/10.3390/healthcare10020339

Ramaci, T., Santisi, G., Curatolo, K., & Barattucci, M. (2024). Perceived organizational
support moderates the effect of job demands on outcomes: Testing the JD-R model in
Italian oncology nurses. Palliative and Supportive Care, 22(5), 1338—1346.
https://doi.org/10.1017/S1478951524000890

Rodriguez, C. F. C., & Choudrie, J. (2021). The impact of different organizational
environments on technostress: Exploring and understanding the bright and dark sides
before and during Covid-19. UK Academy for Information Systems Conference
Proceedings 2021. UK Academy for Information Systems.
https://aisel.aisnet.org/ukais2021/23

Rosario, A. B., Russell, C. A., & Shanahan, D. E. (2022). Paradoxes of Social Support in
Virtual Support Communities: A Mixed-Method Inquiry of the Social Dynamics in
Health and Wellness Facebook Groups. Journal of Interactive Marketing, 57(1), 54—
89. https://doi.org/10.1177/10949968221075819

Rosseel, Y. (2012). lavaan: An R Package for Structural Equation Modeling. Journal of
Statistical Software, 48(2). https://doi.org/10.18637/jss.v048.102



Saeidnia, H. R., Hashemi Fotami, S. G., Lund, B., & Ghiasi, N. (2024). Ethical
Considerations in Artificial Intelligence Interventions for Mental Health and Well-
Being: Ensuring Responsible Implementation and Impact. Social Sciences, 13(7), 381.
https://doi.org/10.3390/socscil3070381

Saini, R., Arora, A., Joshi, H., & Gaurav, A. K. (2024). Exploring the link between eustress
and adolescent health in India: An empirical study. Journal of Education and Health
Promotion, 13(1). https://doi.org/10.4103/jehp.jehp 1341 23

Salih, M. M. (2023). Adaptive Response and its relation to Cognitive Appraisal among
Secondary School Students. Journal of the College of Education for Women, 34(4),
61-92. https://doi.org/10.36231/coedw.v34i4.1697

Sargiotis, D. (2024). Ethical Al in Information Technology: Navigating Bias, Privacy,
Transparency, and Accountability. SSRN Electronic Journal.
https://doi.org/10.2139/ssrn.4845268

Scherz, W. D., Corcoba, V., Melendi, D., Seepold, R., Martinez Madrid, N., & Ortega, J. A.
(2023). Analysis of the Relationship between Personality Traits and Driving Stress
Using a Non-Intrusive Wearable Device. Electronics, 13(1), 159.
https://doi.org/10.3390/electronics 13010159

Scholze, A., & Hecker, A. (2023). Digital Job Demands and Resources: Digitization in the
Context of the Job Demands-Resources Model. International Journal of
Environmental Research and Public Health, 20(16), 6581.
https://doi.org/10.3390/ijerph20166581

Selye, H. (1976). Stress without Distress. In G. Serban (Ed.), Psychopathology of Human
Adaptation (pp. 137-146). Springer US. https://doi.org/10.1007/978-1-4684-2238-2 9

Shamsi, M., lakovleva, T., Olsen, E., & Bagozzi, R. P. (2021). Employees’ Work-Related
Well-Being during COVID-19 Pandemic: An Integrated Perspective of Technology
Acceptance Model and JD-R Theory. International Journal of Environmental
Research and Public Health, 18(22), 11888. https://doi.org/10.3390/ijerph182211888

Shinners, L., Aggar, C., Grace, S., & Smith, S. (2020). Exploring healthcare professionals’
understanding and experiences of artificial intelligence technology use in the delivery
of healthcare: An integrative review. Health Informatics Journal, 26(2), 1225-1236.
https://doi.org/10.1177/1460458219874641

Solis, P., Lago-Urbano, R., & Real Castelao, S. (2023). Factors That Impact the Relationship
between Perceived Organizational Support and Technostress in Teachers. Behavioral
Sciences, 13(5), 364. https://doi.org/10.3390/bs13050364

South, S. C., & Jarnecke, A. M. (2017). Structural equation modeling of personality disorders
and pathological personality traits. Personality Disorders: Theory, Research, and
Treatment, 8(2), 113—129. https://doi.org/10.1037/per0000215



Stoffels, M., Torre, D. M., Sturgis, P., Koster, A. S., Westein, M. P. D., & Kusurkar, R. A.
(2023). Steps and decisions involved when conducting structural equation modeling
(SEM) analysis. Medical Teacher, 45(12), 1343—1345.
https://doi.org/10.1080/0142159X.2023.2263233

Tarafdar, M., Cooper, C. L., & Stich, J. (2019). The technostress trifecta - techno eustress,
techno distress and design: Theoretical directions and an agenda for research.
Information Systems Journal, 29(1), 6-42. https://doi.org/10.1111/isj.12169

Tarafdar, M., Stich, J., Maier, C., & Laumer, S. (2024). Techno-eustress creators:
Conceptualization and empirical validation. Information Systems Journal, 34(6),
2097-2131. https://doi.org/10.1111/isj.12515

Tarafdar, M., Tu, Q., & Ragu-Nathan, T. S. (2010). Impact of Technostress on End-User
Satisfaction and Performance. Journal of Management Information Systems, 27(3),
303-334. https://doi.org/10.2753/M1S0742-1222270311

Tavory, T. (2024). Regulating Al in Mental Health: Ethics of Care Perspective. JMIR Mental
Health, 11, e58493. https://doi.org/10.2196/58493

Toll, D., Lindgren, 1., Melin, U., & Madsen, C. @. (2020). Values, Benefits, Considerations
and Risks of Al in Government: A Study of Al Policies in Sweden. JeDEM - eJournal

of eDemocracy and Open Government, 12(1), 40—60.
https://doi.org/10.29379/jedem.v12i1.593

Tortorella, G. L., Saurin, T. A., Fogliatto, F. S., Rosa, V. M., Tonetto, L. M., & Magrabi, F.
(2021). Impacts of Healthcare 4.0 digital technologies on the resilience of hospitals.
Technological Forecasting and Social Change, 166, 120666.
https://doi.org/10.1016/j.techfore.2021.120666

Tricco, A. C., Lillie, E., Zarin, W., O’Brien, K. K., Colquhoun, H., Levac, D., Moher, D.,
Peters, M. D. J., Horsley, T., Weeks, L., Hempel, S., Akl, E. A., Chang, C., McGowan,
J., Stewart, L., Hartling, L., Aldcroft, A., Wilson, M. G., Garritty, C., ... Straus, S. E.
(2018). PRISMA Extension for Scoping Reviews (PRISMA-ScR): Checklist and
Explanation. Annals of Internal Medicine, 169(7), 467-473.
https://doi.org/10.7326/M18-0850

Tsai, C.-H. (2014). Integrating Social Capital Theory, Social Cognitive Theory, and the
Technology Acceptance Model to Explore a Behavioral Model of Telehealth Systems.
International Journal of Environmental Research and Public Health, 11(5), 4905—
4925. https://doi.org/10.3390/ijerph 110504905

Ueda, K., Imamura, Y., & Ibaraki, T. (2021). The development of a eustress sensing system
using In-Ear EEG. https://doi.org/10.36227/techrxiv.14787879.v1

Venkatesh, V. (2000). Determinants of Perceived Ease of Use: Integrating Control, Intrinsic
Motivation, and Emotion into the Technology Acceptance Model. Information
Systems Research, 11(4), 342-365. https://doi.org/10.1287/isre.11.4.342.11872



Venkatesh, V., & Davis, F. D. (2000). A Theoretical Extension of the Technology Acceptance
Model: Four Longitudinal Field Studies. Management Science, 46(2), 186—-204.
https://doi.org/10.1287/mnsc.46.2.186.11926

Vincze, J., & Vincze-Tiszay, G. (2020). Some Biophysical Aspects of the Stress.
International Journal of Recent Innovations in Medicine and Clinical Research, 2(1),
37-43.

Wang, Y. C., & Yen, N. Y. (2015). The Relationships among Job Stress Sources, Stress
Coping Strategies and Stress Consequences for Airport Ramp Workers: A Structural
Equation Modeling Approach. fE#EEET, 12(2).
https://doi.org/10.6459/JCM.201509 12(2).0001

Westphaln, K. K., Regoeczi, W., Masotya, M., Vazquez-Westphaln, B., Lounsbury, K.,
McDavid, L., Lee, H., Johnson, J., & Ronis, S. D. (2021). From Arksey and O’Malley
and Beyond: Customizations to enhance a team-based, mixed approach to scoping
review methodology. MethodsX, 8, 101375.
https://doi.org/10.1016/j.mex.2021.101375

Wulansari, N. A., Ranihusna, D., & Witiastuti, R. S. (2015). REDUCTION EFFECT OF
TECHNOSTRESS WITH ROLE OF PERCEIVED ORGANIZATIONAL SUPPORT.
13(7), 5159-5171.

Xia, M. (2023). Co-working with Al is a Double-sword in Technostress? An Integrative
Review of Human-Al Collaboration from a Holistic Process of Technostress. SHS
Web of Conferences, 155, 03022. https://doi.org/10.1051/shsconf/202315503022

Yazici-Kabadayi, S. (2024). Relationships between mental toughness, eustress—distress, and
mindfulness in adolescents: A network analysis and mediator model testing. Stress
and Health, 40(5), €3480. https://doi.org/10.1002/smi.3480

Zhao, Y. (Audrey), Bandyopadhyay, S., & Bandyopadhyay, K. (2023). Learning Complex
Technology Online: Effect of Challenge and Hindrance Techno-stressors on Student
Satisfaction and Retention. Communications of the Association for Information

Systems, 52(1), 587-608. https://doi.org/10.17705/1CAIS.05225

Zhao, Y. (Audrey), Li, Y., & Bandyopadhyay, K. (2024). The Role of Techno-Eustress in
Technology-Enhanced IT Learning. Journal of Computer Information Systems, 64(5),
607—-621. https://doi.org/10.1080/08874417.2023.2240723

Zielonka, J. T., & Rothlauf, F. (2021). Techno-Eustress: The Impact of Perceived Usefulness
and Perceived Ease of Use on the Perception of Work-Related Stressors. Hawaii

International Conference on System Sciences.
https://doi.org/10.24251/HICSS.2021.780

Contact email: amir.hakimjavadi@gmail.com



	Introduction
	Literature Review
	Methodology
	Findings
	Discussion
	Conclusion
	References

